DSRAT

Data Science Research Arab Team RESEARCH BY DATA SCIENCE



OCT 8, 2013, 11:41 AM

Since 1865
The yearly profit amount is 13 billion $

European telecom giant
Advanced Research Center

Steve Ballmer

DSRAT



Millions of Smartphones Shipped Per Quarter
60 -
50 -
40 -
===\ okia
e==Apple
30 - ===Samsung
20 -
10 -
O I [ [ [ [ |
Oct-06 Feb-08 Jul-09 Nov-10 Apr-12 Aug-13 Dec-14



The collapse of Nokia

Since 1865

DSRAT






The Difference

NOKIA

2011

UNIVERSITYS

2018



LTI,

‘A




fourth industrial revolution




DATABASE DEVELOPMENT
Cyberspace Data
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The elementary definition of DATA SCTENCE

Is the updating the Statistics science and Computer information

systems science.
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The origin of data science:

> The emergence of new structures of data is one of the most important motive

for the origin of data science.






I. BIG DATA

> The McKinsey World Institute in 2011, defined the BIG DATA as “any datasets,
whose size is beyond the ability of traditional data analysis tools to organize,

store, manage, and analyze.”

> The TechAmerica Foundation's Federal Big Data Commission in 2012, defined
the BIG DATA “ is a term that describes large volumes of high velocity, complex

and variable data that require advanced techniques and technologies to enable the

collect, storage, distribution, management, and analysis of the information.”
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The DATA SCIENCE definition based on BIG DATA;

> Is the breakthrough of this century, and it is the science that specialized in
extracting knowledge from organized or unorganized big data.



The Big Data analytic before
the Data Science
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II. CYBERSPACE

> ATTACK ORIGINS
: I » countky
3 ™  China

@)

3 ™ SaudiArabia

o——

—
T

> LIVE ATTACKS
ATTACKER

TIMESTAMP

in H

2015-12-25 15:03:11.63 China Unicom
2015-12-25 15:03:11.91 China Unicom Henan
2015-12-25 15:03:12.24  National Computer Systems

015:12-25 15 The Nat Ormipute

2015-12-25 15:03:13.21 The National Computer

[ —

Ip Network

e
LOCATION P
ch 41e 579,38
Wuxi, China 218,104.49.211
Zhengzhou, China 2943323975
Riyadh, Saudi Arabia 46.151.210.46
Riyadh, Saudi Arabia 89.144,9816

TARGET TYPE
LOCATION SERVIC PORT

Kirksville, Unit es  ssh 2
Lynnwood, United liberty-im 1496
Riyadh, Saudi Arabia netbios- 138
Riyadh, Saud| Arahbia unknow

Riyadh, Saudi Arabia

2 ATTACK TARGETS

Il »  COUNTRY

3 2 United States
3 ™ SaudiArabia
> ATTACK TYPES
Il © SERVICE  PORT
1 @ ssh 2

1 @ netbios-dgm 138

1 @ libertylm 1%
I & ndl-aas ki)
1 @ unknown U ——lQ
1 @ unknown 3241




II. CYBERSPACE

> CYBERSPACE is the Virtual Environment in which communication over

computer networks occurs.

> CYBERSPACE DATA

Is the data that are generated in cyberspace.



The major properties of cyberspace data are;

in the natural or human sciences

Data can’t be organized



The DATA SCIENCE definition based on CYBERSPACE;

> IsAsa complex scientific field, aimed to processing raw data which is believed to

be meaningless for making decisions and predict future events, like the “Behavior
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Private traits and attributes are predictable from
digital records of human behavior
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dic tests. The proposed model uses dimensionality reduction for
preprocessing the Likes data, whidh are then entered into logistic’
linear regresion to predict individual psychodemographic profiles
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The main Features of data science
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A Comparative Study on Handwriting Digit
Recognition Using Neural Networks

thsiracs -~ The handwritten digit recognition preblem
becomes ome of the mest famous problems in machine learning
and computer vision applications. Many muachine learning
technigues have been employed to solve the handwritten digit
recognition problem. This paper focuses on Newral Netwerk
(NN) approaches. The most three famous NN approaches are
decp meural network (DNN), decp belief network (DEN) and
convolutional newral actweork (CNN) In this paper, the three NN
spproaches are compared and evalusted in terms of many
factors such as sccuracy and performance. Recogaition accuracy
rate and performance, bowever, is not the oaly criterion in the
evaluation process, but there sre inderesting criteria such s
execution time. Random and standard dataset of handwritien
digit have been used for conducting the experiments, The results
show that g the three NN appresches, DNN is the most
asccurate al ; it has 95.08% sccurucy rate. However, the
cxecution time of DNN is comparable with the other two
slgorithoss, On the other hand, each algorithm has an error mte
of 1-2% because of the similarity in digit shapes, specially, with
the digies (1.7),(3.5), (3.5) . (5.5) and (6.9)

Keywonds — Handwriting Digit Recognition; Newral Network BACKGR
CNN; DNN; DBN
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TECHNOLOGY

The IBM technology is one of the most important software's used to apply Data
Science on Big Data & Cyberspace Data.

y



The most important features of IBM technology
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